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Fig.2 The sEMG acquisition system and electrode placement
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Fig. 1 Framework of the proposed wrist training system with myoelectric control virtual reality game
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Abstract

ous and proportional neural control information for multi-

Wrist training system with myoelectric control virtual reality game

DUAN Yinxin'

ZENG Hong'

SONG Aiguo'

1 School of Instrument Science and Engineering, Southeast University , Nanjing 210096, China

Aiming at the problems of boring contents of traditional wrist rehabilitation training methods and low

training efficiency due to users’ lack of motivation to participate ,a wrist training system of myoelectric control virtual
reality game was designed.The surface electromyography (sEMG) signals of wrist movement were collected and the
wrist joint movement intention was decoded through the principle of muscle synergy for the control of the virtual re-
ality game ;random disturbance force was introduced into the virtual reality game,and the interaction with the virtual
reality environment was realized through the way of impedance control, which enabled users to explore different
movement control methods. The feasibility of the system was verified through model calibration experiments, and
training experiments were conducted to assess the training effect by evaluating the task completion time as well as
the path efficiency.The experimental results show that introducing random interference force reduces the task com-
pletion time by 24% and improves the path efficiency by 26% ,and the designed training system enables users to
perform motion control in a more efficient way and improves the training efficiency.
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