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Table 3  Experimental results of number of blocks
La 230408 Sm 43343 CASME Tl SMIC SAMM
B Bt UF1 UAR UF1 UAR UF1 UAR
1 1 0.807 6 0.801 8 0. 668 4 0. 666 1 0.550 4 0.568 8
1 4 0.863 9 0. 866 4 0.699 2 0. 698 2 0.5839 0.586 9
1 16 0.829 1 0.818 9 0.692 1 0. 688 1 0.557 5 0.561 1
4 4 0.790 5 0.797 2 0.623 8 0.616 7 0.5182 0.502 9
4 16 0.783 1 0.789 7 0.632 8 0.633 3 0.536 1 0.5316
FE ) DA BRSO B fe A B S I 45 21 i 508-514

ORI T (R /R 76 Al A B0 4E 1, DA Bk
1 UF1 4845 4 0. 727 5, UAR 4545 9 0. 727 2,
PERBEL CrossViT J5i A By 28 SF AT A 4 .

=4 HEAZRWRER
Table 4  Ablation experiment results
E =k 873 UF1 UAR
PUSEF=WAL oY 0.727 5 0.727 2
A SUTE R IR 0.714 5 0.706 5
5 HERIE

ARICFET CrossViT Ry £ M4 Xif W 2% rp it 32
BB AT S T R B S
TR ROEE O GIR BUR R AR RS IR B 1A )
TR IEER AR T T RS HOM A e 4, T
EL 2 R 0 o 81 {5 o 174 7K 1 2 DY I R B SO I
AR RGN TR AR I 38 3 22 RUFE B R AIE 4 B
TG 3 28 A SCHE 3 A S Bods 4 1 FEl 5 %
PR A LOSO 52 S5 ik 2k 3 kB A | 5 45 45
T AR T AR MR RE EARES T BT 3
TR I8 T B IR 3Tt

AR TAESE fn] LA LLR 7 T AT 88 ) 24
A TR 15 5 AR RS/ N 32 ff ] GAN (iR 782 )
S5 0 208 1 — 20 B T 1 R0 4R ) LA 5 Y T )
PR A B AN AT, 2 i — 2D AR T AR R AR L0
AP O T 1) R 28U B
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Micro-expression recognition based on dual attention CrossViT

RAN Ruisheng' SHI Kai' JIANG Xiaopeng' WANG Ning'
1 College of Computer and Information Science,Chongqing Normal University,,Chongqging 401331, China

Abstract Micro-expression is the facial expression that people reveal involuntarily when they try to hide their true
emotions ,which is a hot spot in research of affective computing in recent years. Micro-expression is a subtle facial
movement thus is difficult to recognize.Considering its excellent performance in image classification and ability to
capture subtle feature information ,the cross-attention multiscale ViT ( CrossViT) is used as the backbone network to
improve the cross-attention mechanism in the network ,and the Dual Attention (DA) module is proposed to extend
traditional cross-attention mechanism to determine the correlation between attention results, thus improve the micro-
expression recognition accuracy.The proposed network learns from three optical flow features (optical strain, hori-
zontal and vertical optical flow fields) ,which are calculated from the starting frame and peak frame of each micro-
expression sequence, and classifies the micro-expression by Softmax. Experiments on the micro-expression fusion
dataset show that the proposed network reaches 0. 727 5 and 0. 727 2 in UF1 and UAR, respectively , which is more
accurate than the mainstream micro-expression recognition algorithms, verifying the effectiveness of the dual
attention CrossViT based network.

Key words micro-expression recognition ; CrossViT ; cross attention mechanism ;optical flow feature



