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Fig. 1 General architecture of OCR for invoice recognition
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Fig. 2 Sample invoice form
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Fig. 3  Original invoice
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Fig. 4 Table extracted from invoice of Fig. 3
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Fig. 5 Comparison of character training effect on number (a) and Chinese character (b) recognition
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Adaptive recognition of complex invoices based on Tesseract-OCR
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Abstract An adaptive recognition method based on Tesseract-OCR engine is proposed to solve the problem of ex-
tracting and real-time recognition of specific table items in any region of complex invoices.First, the invoice image is
preprocessed by OpenCV for filtering, adaptive threshold, etc., to get a binary image. Then, the open operation in
morphology is used to extract the global line segments and position of the table.The coordinates of the intersection
points of the table is combined with the custom template to realize the adaptive adaptation between the table header
and the content.Then the jTessBoxEditor is used to train and optimize the content of the table items,and finally the
character recognition based on Tesseract-OCR is realized. The experimental results show that this method has high
accurate recognition rate ,supports the adaptive recognition of ROI ( Region of Interest) ,and is highly available.
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