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Table 1  Convergence results of KKTSC, Feature-sgin,
and MexLasso
) WSS [ H b s $UE
Bk
r=100 r=500 r=1000 r=100 r=500 r=1 000
KKTSC 5.821 80.337 260. 126 129 931 96 544 57 259
Feature-sign ~ 1.348  58.258 536.010 129 931 96 544 57 259

28. 8211 039.233 — 130 102 96 546  —
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Fig. 1 The over-complete bases learning result

of KKTSC (a) and Feature-sign(b)
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Convergence of sparse coding based on KKT conditions
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Abstract This paper proposes a sparse coding algorithm based on KKT conditions. Firstly, the non-convex non-

smooth sparse coding problem is decomposed into two convex non-smooth problems.Secondly,the two convex non-

smooth problems are skillfully transformed into three smooth convex optimization problems by using two matrices.Fi-

nally, the three problems are solved by KKT conditions. In addition, we prove the convergence of the algorithm.

Meanwhile , experimental simulation shows the convergence of the algorithm.

Key words KKT conditions ; convergence ; non-convex non-mooth ; sparse coding



