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Table 1 Segmentation accuracy according to each segmentation result %

KR 1D-KSW Hs. GLSC-E GLSC-F 2D-D GLMG B @RS
1 91.99 24.97 87.30 25.83 31.89 91.50 99.99
2 84. 15 57.72 82.99 58.97 69. 53 84.54 99.95
3 36. 04 45.36 50. 24 45.36 47. 84 9.79 99. 88
4 98. 85 59.29 63.32 59.29 43.36 81. 14 99. 83
5 97.17 63.35 84. 12 62. 40 48.85 94.33 99. 51
6 95. 04 33.52 82.99 29. 61 45.96 94.19 99. 46
7 98. 55 99.25 20. 49 99.01 37.67 5.88 99. 40
8 98. 42 62.52 77.49 57.86 51.86 96. 86 98. 65
9 96. 83 95. 10 89. 99 95.25 54.94 96. 26 98. 31
10 92.39 93. 61 93.36 93.36 80. 83 92. 44 97. 80

i 3. 66 6.61 5.13 6. 80 2.10 12.67 5.8x1073
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Fig. 3 Segmentation results of each method
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Abstract Image segmentation is a basic and important issue in field of computer vision.Entropy threshold image
segmentation ,as an effective segmentation method ,is widely used in pattern recognition and image processing. Tradi-
tional image segmentation methods cannot obtain enough effective image features.In order to solve this problem and
further explore the application of entropy threshold in image segmentation,a GLLE ( Gray Level and Local Entropy)
two-dimensional histogram is introduced to improve the entropy threshold image segmentation model ,and a method
based on fuzzy entropy is proposed to calculate the established two-dimensional histogram model.The comparison ex-
periments on standard experimental datasets show that the proposed GLLE entropy threshold segmentation method
based on fuzzy entropy can get more accurate thresholds and improve the segmentation accuracy.Compared with tra-
ditional algorithms, our method performs better on different types of images,and has stronger robustness.

Key words image segmentation ;entropic threshold ; gray level and local entropy ( GLLE) ;2-D histogram ; fuzzy en-
tropy



