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Fig. 1 Visible images,where the visible spectrum is disturbed by low or high illumination
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Fig. 2

Thermal infrared images can overcome the disturbance by low or high illumination
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Fig.3 Thermal infrared images, where thermal spectrum is disturbed by thermal crossover"”
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Fig. 4 Visible images are not influenced by thermal crossover
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Fig. 5 Tracking failed when the target is occluded!”’
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Abstract RGB-Thermal object tracking has developed due to its strongly complementary benefits of thermal infor-

mation to visible data.In this paper,we introduce the research background of RGB-T object tracking and the chal-

lenges in this task ;then summarize and introduce the existing methods of RGB-T object tracking, including tradition-

al methods and deep learning methods.Finally ,we analyze and compare the existing RGB-T datasets and evaluation

criteria,and point out the aspects worthy of study in RGB-T object tracking.
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