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H_ state estimation of static neural networks with leakage delay

WU Shuchen' LI Xiaodi'?
1 School of Mathematics and Statistics , Shandong Normal University,Ji'nan 250014
2 Center for Control and Engineering Computation , Shandong Normal University,Ji'lnan 250014
Abstract This paper focuses on the study of H_ state estimation of static neural networks having leakage delay.
With the skills to construct Lyapunov-Krasovskii functionals, a state estimator is designed for the estimation of H
performance, and the results are derived without applying differentiability on time-varying delays. Finally, a
numerical example is provided to demonstrate the effectiveness and advantages of the obtained results.
Key words static neural networks;H _ state estimation;leakage delay;linear matrix inequality
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