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Table 1  Statistics of Amazon review dataset

Domain Train Test Unlab
Books(B) 5 600 400 9750
DVD(D) 5 600 400 11 843
Electronics(E) 5 600 400 17 009
Kitchen(K) 5 600 400 13 856
Video(V) 5 600 400 30 180
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Table 2 Accuracy result
52414 DANNIB!  AMNIS! poNet['6) T-Caps
(A&30)
B—D 0.826 8 0.836 7 0.8599 0.867 5
B—E 0.7559 0.799 1 0.836 9 0.841 1
B—K 0.772 1 0. 826 4 0.848 2 0.850 5
B—V 0.824 9 0.836 8 0.856 2 0.861 0
D—B 0.799 7 0.836 1 0.857 1 0.864 7
D—E 0.7559 0.7955 0.838 8 0.8455
D—K 0.773 8 0.807 8 0.847 7 0.852 7
D—V 0.851 0 0.864 5 0.876 1 0.881 1
E—B 0.727 3 0.767 5 0.822 1 0.828 3
E—D 0.754 4 0.797 3 0.8129 0.818 9
E—K 0.836 1 0.869 6 0.888 5 0.89%4 4
E—V 0.763 6 0.813 1 0.8337 0.836 2
K—B 0.734 4 0.7819 0.8270 0.829 3
K—D 0.745 7 0.786 4 0.821 0 0.826 1
K—E 0. 846 8 0.857 4 0. 866 5 0.871 8
K—V 0.756 1 0.812 6 0.8457 0.849 8
V—B 0.793 2 0.827 6 0. 856 6 0.861 9
V—D 0.834 0 0.861 1 0.863 7 0. 868 4
V—E 0.750 4 0.789 7 0.834 9 0.837 1
V—K 0.745 5 0.802 6 0.848 0 0.853 1
Sy 0.782 4 0.818 5 0.847 1 0.852 0
& 3 Fl-score &R
Table 3 Fl-score result

5334E% DANNTBT AMNTST poNet'6] T-Caps
(A&30)
B—D 0.8310 0.8413 0.864 5 0.872 4
B—E 0.768 4 0.812 2 0.8511 0.8550
B—K 0.781 3 0.836 3 0.858 5 0. 860 9
B—V 0.829 7 0.841 5 0.861 6 0.865 9
D—B 0.803 2 0.8399 0. 860 7 0.868 5
D—E 0.772 8 0.8130 0.856 9 0.864 0
D—K 0.787 4 0.8220 0.862 9 0.867 5
D—V 0.854 4 0.867 6 0.879 6 0.884 6
E—B 0.734 1 0.774 3 0.829 7 0.8356
E—D 0.763 2 0.806 1 0.8218 0.827 8
E—K 0.8358 0.869 3 0. 888 4 0.894 4
E—-V 0.772° 5 0.822 1 0.842 8 0.845 4
K—B 0.740 3 0.788 6 0.833 6 0. 836 6
K—D 0.764 3 0.806 3 0.8415 0.847 5
K—E 0.852 2 0.862 5 0.872 6 0.877 6
K—V 0.784 5 0.842 0 0.877 0 0. 880 9
V—B 0.795 4 0.829 8 0.859 3 0.863 9
V—D 0.8359 0.863 2 0.8659 0.871 2
V—E 0.767 2 0.807 5 0.8535 0.8556
V—K 0.7555 0.8135 0.859 2 0.864 9
S 0.791 5 0.8279 0.857 1 0.862 0
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Fig.2  The impact of target label data ratio on accuracy
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Fig.3 The impact of number of convolution kernels on accuracy
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LIN Yue'  QIAN Tieyun'
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Abstract Sentiment analysis aims to extract users’ sentimentsand opinions about or their attitude towarda specific
product, service ,or event.The lack of labeled data is a significant challenge in sentiment analysisand will deteriorate
the performance of the classifierin a supervised sentiment analysis task.The cross-domain approach has been shown
to be effective in addressing this problem.However, the inherent difference between the source and target domains
will make it difficult for the classifier to be adaptive to the target domain.In this paper,we propose a novel method to
use the available labeled data,however few they may be,in the target domain to enhance the domain adaption.Spe-
cifically ,we present a cross-domain sentiment classification model using the capsule network.Based on this architec-
ture, we design extra capsule layers for domain adaption. Extensive experiments with real-world datasets prove that
our proposed model outperforms baselines by a large margin.

Key words sentiment classification ;domain adaption ; capsule network



