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Fig. 1 Trajectories of the closed-loop system with Le’vy noise:(a) Gain and phase errors; (b) Poisson jump process
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Feedback control of neutral-type neural networks with Le’vy noise

ZHANG He' XU Shengyuan'
1 School of Automation, Nanjing University of Science and Technology ,Nanjing 210094

Abstract The feedback control problem in delayed neutral-type neural networks with Le’vy noise is addressed in
this paper.Delay is considered as constant in this study.An appropriate Lyapunov function is used to analyze the
mean square stability of the closed-loop system.Using the Lyapunov method,the general 1t6 formula,and the linear
matrix inequality technique,the sufficient condition to guarantee stability in mean square sense for the closed-loop
system is derived.Finally,a numerical example is given to illustrate the effectiveness of the obtained results.

Key words neutral-type neural networks;Le’vy noise; Lyapunov method ; mean square stability



