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Table 2 Gastric cancer node cooling
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Fig. 1 Initial data set
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Fig. 2 Decision tree

P2 o B B f R TR 4, AR s R TR E S 1Y
TAEREIE AT R S AR URIZ T
FREREARE.A S B 358 AU [ A 6
i .
HRAEAE B = (4 DR SRR, 38 5 1 B e/ MVREAS 1R A
F/NEARRE, A OB AR Y S e /MR A BEB
15, B/ INEARREBCN 0. 75, 7 A B MU AR Hh 5 4.
B, AR B A A 200 B A A ] 3
JI7s AREAE BT B PSR LA 21 4 080, 2650 0 &
A 35,2600 LA 14 TUCE T i/ B AL
INELAERE A S L R 2 i e, IR 2t s A A — L
FEARRERE o , EAT T8 Default, it 28514 0.
DN J T PR 455 2 1T A RO S A R AR R LA S
1o AR ML) By TE A T R 454, 25 O R B — A L
DA o 563 AMREAS, B B4 1E A T A< 2 88. 1% . 4R
PR T 45 145 2] C5. 0 Sk IR A M dn ke 3
JIT7R.

AR F e 245 2R vt A i A B X )
PRI, FE AR B HE AR R A SRR 1 -
P EE (P AREAR) B —AHE, 5 @ DAL
Y E B E N

1 -P,

[ S 1
>-ry W

Evaluation(i) =

Hor 1-P (R8s, A2 i R 28 B AR DG T
A, % i 722 T LR B T AR A 1Y
i AN E R Z AR L.

RAE (1), 8 N AASHEXT Outcome (1) H 21
R 4 Jrzs , b AR bR 2R 7R 1 S B RL Y 8 AN A
JEPE, B AR 2 B AR A X (1) AR 1-P
1A
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if  Summary stage 2000( 1998-)in [ "3" ]
and Birth Place in [ "B" ]
then 0
Rule 2 for 0 (57, 0.754)
if  Summary stage 2000( 1998—-)in [ "3" ]
and  Birth Place in [ "999" ]
and RX Summ—Radiation in [ "0" ]
and Regional Nodes Positive>2
then 0
Rule 3 for 0 (196, 0.954)
if  Summary stage 2000(1998~-) in ["4" "5" ]
then 0
Rules for 1-contains 1 rule(s)

3 RS

Fig.3 Generating rule set
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Table 3 C5. 0 confusion matrix
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Fig. 4 Variable importance of conditional attributes
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Table 4 Comparison of accuracy,sensitivity and specificity %
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Abstract The incidence of gastric cancer is very high in China,and the number of new patients diagnosed with
gastric cancer accounts for 42% of that of the whole world every year,so gastric cancer has become the focus of the
prevention and control of malignant tumors in China.In this paper,the C5. 0 classification algorithm is used to pre-
dict the survival rate of gastric cancer,and experiments are carried out using the SEER database of the American
National Cancer Institute.The data preprocessing and data integration methods are given according to the unbalanced
characteristics of gastric cancer record data.The prediction experimental results show that,the accuracy and specific-
ity of C5.0 algorithm are high compared with BP-neural network method; and there is an obvious correlation
between birth place and survival state of gastric cancer patients.This study is a practical application of data mining
technology in the field of medicine,which has certain reference value for the clinical diagnosis of gastric cancer; it
can provide reference for doctors to formulate reasonable treatment and prevention program.

Key words data mining;C5. O classification algorithm ;gastric cancer;survival prediction ; SEER





