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Table 6 Industrial solutions for Big Data
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Big Data . Conceptions, key technologies and application

FANG Wei"*? ZHENG Yu'? XIU Jiangl’2
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2 School of Computer & Software , Nanjing University of Information Science & Technology,Nanjing 210044
3 State Key Laboratory for Novel Software Technology at Nanjing University ,Nanjing 210046

Abstract With the rapid development of internet of things, cloud computing, and mobile internet, the rise of Big
Data has attracted more and more concern,which brings not only great benefits but also crucial challenges on how to
manage and utilize Big Data better. This paper describes the main aspects of Big Data including definition, data
sources, key technologies, data processing tools and applications, discusses the relationship between Big Data and
cloud computing,internet of things and mobile internet technology.Furthermore ,the paper analyzes the core technol-
ogies of Big Data,Big Data solutions from industrial circles, and discusses the application of Big Data.Finally, the
general development trend on Big Data is summarized.The review on Big Data is helpful to understand the current
development status of Big Data,and provides references to scientifically utilize key technologies of Big Data.

Key words Big Data;cloud computing;Big Data processing ; distributed system ; NoSQL



