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A EIEZANEIE , R BN 28w R0 .
A(2)y(1)=B(z)u(t)+d(z)v(t). (2)
EXRBSHUEE 0, 280 & a, (7 B W&

o (1) FE SR (1) IF

0':=[A, A, A, B B, B, ]cR™,
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Stochastic Gradient algorithm , ESG %ﬁ{jg“) (2],
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@ WS A G BE w (o) Ay (o), 2R (10)

FEl (1) F A S i o (o) FIE SERE (), L
R (9) T (1),
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H0)=H-1)+P() D" (1) [y(1)-D(1)d(1-1) ], (13)
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e(t)=[-y'(t=1),-y"(t-2) ,---,-y"(t-n,) ,

u"'(t—l) ,u"'(t—2) ,u"‘(t—nb) ]"‘, (22)
d(1)=[9(t=1),9(1=2) -, 9(1-n,) ], (23)
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&(1) =[,(1) ,y(1) -, ¢, (1) ] eR™,

0:=[6,,0,,--,0 ] eR"*".

i I HHRB (42) ifF— 25

y|(t) d’?(t) 0? Ul(t)
R B el P L PR L R PE)
¥, (1) bl (1) 0 v, (1)
W= (43) BT LA R m AR R
y()=p/(1)a+0 (1) +v,(1)
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b= ’ (67)
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A

b (D=1, (1),'(1)]", (74)
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Abstract For multivariable equation error moving average systems, this paper gives an extended stochastic gradient
identification algorithm,a recursive extended least squares identification algorithm,a gradient based iterative ( GI)
identification algorithm and a least squares based iterative (LSI) identification algorithm, using the least squares
principle and the iterative search principle. For multivariable equation error moving average systems and
multivariable equation error autoregressive moving average systems, this paper uses the coupling identification con-
cept and decomposes a multivariable system into several subsystems,derives the corresponding GI identification al-
gorithm , partially coupled ( subsystem ) GI identification algorithm, subsystem LSI identification algorithm and
partially coupled subsystem LSI identification algorithm.Furthermore , using the filtering technique, this paper studies
the subsystem GI identification algorithm, partially coupled ( subsystem) GI identification algorithm, partially
coupled subsystem LSI identification algorithm for multivariable equation error autoregressive moving average sys-
tems.The computational steps for several typical identification algorithms are provided.

Key words  parameter estimation; iterative search principle; gradient search; least squares; data filtering
technique ; auxiliary model identification idea; hierarchical identification principle ; coupling identification concept;

multivariable system



