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Fig.3  Flowchart of the proposed genetic algorithm
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Table 1  Basic information of training sample
Hy IR C W 24 GRS KRS H H S/ (10° m?)
1 4.3 1.0 1.0 2. 804 465. 490 6
2 5.6 2.0 1.5 4.951 633.592 8
3 9.5 1.5 1.0 6.744 608. 868 9
4 15.8 1.0 0.8 8.501 560. 563 7
5 20.7 0.8 0.5 11.030 510.023 5
6 24.3 0.8 0.8 13.723 531.610 1
7 28.4 0.8 0.8 16. 369 514.798 0
8 27.9 0.8 1.5 18. 812 518.414 1
Fz2 MWAER 10° - : ; ; . .
Table 2 Basic information of test sample UR22 2,718 36 x 107, HERKIE0.01
ALy PR/ C MRS SRS RREH S 10°
9 23.4 1.0 1.5 21.052 2
2
10 18.3 1.0 1.0 23.752 9 i 10
11 12.4 1.0 0.5 28.323 9 &
10°
P e S, P I 0 S 1 50 .
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Niche genetic algorithm research based on average method
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In order to avoid the population premature into local minimum,a new averaging method based on a ran-

dom initial population was introduced into the genetic algorithm. The initial population is stochastically divided into

several sub populations to form niches, with the purpose to maintain the population diversity , make the individuals in

a sub population not display prematurity phenomenon,and improve the convergence speed of the algorithm as well.

The adaptive technique is employed to control the crossover and mutation probability, therefore the algorithm can

find the optimal solution quickly. Simulation results show that, compared with traditional RBF neural network opti-

mized by genetic algorithm , the new algorithm is characterized by less iterations, higher precision, and greatly im-

proved convergence speed.
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