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Table 1  Parameter estimation results and errors (o” =0. 20%)
Bk t ay a, by b, c &/ %

100 -0.846 5 0.147 1 0.3833 0.396 0 0. 650 9 11.910 5

200 -0.893 3 0.198 8 0.386 2 0.365 9 0.712 7 5.366 3

1 000 -0.896 1 0.192 2 0.397 8 0.3533 0.733 9 3.564 0

i;%}i&ﬁlj\ 2 000 -0.897 1 0.195 4 0.403 8 0.354 3 0.781 0 0. 606 1

3 000 -0.8955 0.1955 0.3993 0.354 2 0.770 9 0.900 6

4 000 -0.903 7 0.202 8 0.397 0 0.350 2 0.784 3 0.535 1

5 000 -0.901 8 0.202 0 0.396 6 0.352 6 0.778 9 0.395 6

100 -0.817 6 0.123 7 0.399 6 0.4111 0.564 6 18. 980 4

200 -0.8189 0.126 8 0.376 8 0.413 1 0.728 7 10. 471 7

1 000 -0.872 8 0.174 9 0. 406 9 0.374 9 0.7377 4.684 9

]jiiiﬁ%gi% 2 000 -0.8722 0.177 3 0.405 0 0.366 9 0.756 5 3.5109

3 000 -0.874 8 0.179 5 0.403 8 0.361 6 0.765 4 2.849 4

4 000 -0.878 1 0.180 0 0.401 3 0.361 9 0.774 4 2.4573

5 000 -0.883 2 0.184 1 0.400 2 0.359 1 0.783 0 1.898 8

HAH —-0.900 0 0.200 0 0.400 0 0.3500 0.780 0
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A three-stage LS identification algorithm for dynamical adjusting models
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Abstract

the dynamical adjusting model is transformed into a CAR model ,and the parameters of the new CAR model are esti-

A three-stage least squares identification algorithm is proposed for a dynamical adjusting model. At first,

mated ,and then the system model parameters and noise model parameters are identified by using the estimated pa-
rameters of the new CAR model , respectively. The proposed method is simple in principle and effective in results.
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dynamical adjusting model ;three-stage identification ;least squares



