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Introduction

TERE G AR A N AL BE AP, 2647 B AR 2R B 2 H s
PIRBTE IR B0 A5 05 E , (HOK 2845 g — Se I 7 40, JX S e —
HRII AR T EG RIS AR, — B3 KT A SRR, LLAREA . M 20
122 90 AR, BME LY B R2 B — S BTS2 40008, %o T 214 b
RS AG I (RIS, [ 9 S22 3 O R g, F C 4R T AL,
i Bt T LA DA 5 TR f14 B S AR ik AR T P 4 BR S A
. Hop BT R PR 0 BRI 75 5 R B A LA 4 i e B
A ERAR IR BRI, R i B B A 3k 1. 3 A0 25 T P i B
SR 7 1A T BRI B B R AN 7 0k, 6 T — R 23 (] 1Y
BRSAASEIN 7 32 AP0 T B 00 24 ) 22 48 4 BRSO 3. APk, R T8
G DR PR AL B T3 325 B PRI 5% Ak B8 ) — 1 R, TRl R
B2 AL g — A~ RS 1

VAR S O 1 28 H B Y 532 73 (Total Variation, TV) #5871 F
1992 4 Rudin 2 48 15, P 22 50 I T T B A OB IE , 3F
I 3t 8 5 R T T PR B S R BT AR A A 25 . HE A i
HURAEWE AT T 2R T, f/ MU R Y AL 73, B T 1 7 ]
18 AR LM FT T Z I AAE T (8 BRI B AE I3 dRe/ Dy, DLk 51 245 )
R 06 A S DX Iy 15, 0 i/ M R 10 B2 0 o S B IR
TR Ab. K22 0 T 5 A TR A JRU AR 21 1 )32 14 1 A
ﬁﬂ:%“-ﬂ .

1 ETEToERp AR EE

The shadow detection principle based on total variation models
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Shadow detection algorithm of unconstrained total

variation
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Fig.1 Flowchart of unconstrained total variational shadow detection
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Results and analysis
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Fig.2 The original image
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Fig.3  Test result of unconstrained total variation
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Fig.4  Superposition rendering of unconstrained variation method
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Fig.5 Shadow detection result of gray and

variance bound total variation
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Table 1  Image data after shadow detection
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Concluding remarks
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A shadow detection method based on unconstrained
total variation model
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Abstract Shadow detection is an important step in the shadow phenomenon ,and the total variational model can be
used in shadow detection. This paper improves the TV model,and puts forward a shadow detection algorithm based
on unconstrained total variation. After the experiments with several real images and statistical analysis, it shows that
the unconstrained total variational shadow detection is valid for single iterative images. Total variation model can be
used in shadow detection, which is an important step before shadow processing. An unconstrained total variation
model is proposed to detect shadow,based on the improvement of variation model. Experiment and statistical analy-
sis show that the model can detect shadow of single image under appropriate iteration conditon.

Key words shadow detection ;total variation ;unconstrained





