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Theories and methods
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Fig. 1  Bipartite network
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Fig.2  Tripartite network

FRASE 2B R S O 2% RS0, 14395
FUEA RGO AT DA — SRk A 1
FRO I o WD ), R 2R T I T e b
R FEEHR AL 5 H A P 2 0 AR BT 7
POBATI T S B0 T 1 P S .

TNFELEA T = 1ttt |, MR,
(P TR Wb, = 122 b, = 0. 3CRE, 3T By
P AR L — BRI 4 , -+ A
HURLE AEBCAN T P w, RO, 2
s, R

s;| = Z;bn'sz/ min{k(ui),k(uj) } (4)

Horp k(u,) F1k(u,) 53502 w, M w, B
PRSI, FH P AR 1R LE IR o AR Fad
IFRZE AR 2R TSR R & T s . b anTE
WY RGBSR BT B EHW
W I BT AL A N R 2, 1T 3K B 1 (g A
AR FTREANER EA RIS AR I , Fir DL 2 384N P e 4
FREE“ BN RAGER A ORI ZLTET gia] REX s
AP E TR AR K FA I . e DA LR, m]
DISA R I B AR 28 %58 FH P ARRL 38 ) 5 e T A
HHERESS T MAERA. i AAT LAXT X (4) #-17 ekt ts
BRI TARZ 0 P AR TR A

) 1 L byby,

- min{k(ui) () } =tk (t,)
Ho ok (1) 72052 LB ;o g2 A 7R R, 2 o =0 1Y,
(5) 5 (4) AA[E. S 7R BERRAE R P AU
HEARIEM, ARG o BEIE— 58 1Y 4L
{H, T SCHY IR 45 RAARGF HhaoiE 1 iX—AH k.
H1 2 ERRHE I P -7 i S PR 28 A —
VP 2%, T LAZH 0™ - P -AR 28 = AR IR I 45 ok
FHLR I 2 A BT A B
s;o= As; + (1 = A)s,". (6)
Hpa e [0,1], 2Dl ES5, 45550(3) , T LA
RV w, XF 7 5 o BYTUINPE4) «
vy = 1 12‘1‘#‘8; ajl/l ;#.S;- (7)
PRI, X P w, BIVAT 4% o i AR A9 B e R 51 HE 77 I 4
IR B W K3 17 i o).

(5)

2 LR RAA

Experiment and analysis
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Fig.3 Numerical experiment results
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A collaborative filtering recommender algorithm
based on tripartite network
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Abstract Recommender system is one of the most important technologies in E-commerce ,and the collaborative fil-
tering algorithm is the most widely used technique in recommender system. In this paper,we proposed a collabora-
tive filtering algorithm based on weighted tripartite network , which takes users,items and tags into account,and we
also studied the degree of tags which may affect the user-user similarity computation. The experimental results dem-
onstrate that the algorithm can solve the cold start problem with high recommendation accuracy.
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